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BVSL-34. A baseline variable light field dataset for
light field image processing tasks
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2 School of Electronics and Information Engineering, Ankang University, Ankang Shaanxi 725000, China)

Abstract: With the rapid development of computer vision algorithms, it has brought widespread attention to image processing tasks
based on light field datasets. Data is the basis of algorithms, and the production of light field datasets is gradually becoming a key
issue of research. At present, there are many ways to realize the light field imaging system. Among them, the light field array
camera is widely concerned and studied as a new light field imaging system. However, the current mainstream light field datasets
based on this method cannot provide the scene baseline variable, greatly limiting the expected effect of processing tasks. To this end,
this paper builds a new baseline—variable simulated lightfield—34 (BVSL-34) based on the 3dsMax software for the research needs
of related light field image processing tasks, which solves the problem of mainstream data. Focusing on the defects that cannot be
focused on the variation of the array camera baseline, the dataset contains 3 categories, a total of 34 scenes, and 534 instances, and
each scene is equipped with an array camera with a changeable baseline. This paper expounds the production method of the data set
in detail, and compares the performance and indicators with several mainstream data sets. At the same time, the light field image
refocusing experiment is carried out. The results verify that the BVSL-34 data set has comprehensive functions and excellent quality ,
which could be applied to related light field image processing tasks.
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Fig. 2 Flow data set production
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mainstream light field datasets

BamgE  BUBRSEA SR TREE ] Bk
HCInew! " 5 24 A i
HCIold %! i & 12 H Bl
STFgantry[2!] H 12 J [ 7€
BVSL i’ 34 H CIES

®2 AEREMEMERLHBIREXBIERIL

Tab. 2 Comparison of key indicators between this dataset and
other mainstream light field datasets
il BRISQUE( ) NIQE( L) CEIQ( T) ENIQA( )
HCInew! " 14.800 3.833 3.153 0.087
HClold 2! 24.170 2.985 3.369 0.117
STFgantry?!]  25.280 4.246 2.781 0.232
BVSL 8.901 3.593 3.375 0.041

AL AR ERTE 4 N BUER bR A 3 DG
1AL, AR TP I RESR 5 R B BB Ab T i ik,
YRR 2 BAT R REEAT AL

4 HBEEMEEGREIE

IR AN AL 5 G i A8 R )
i, B R AR AR R R A IR BOE S5
FIFHE R AR WG B A R 5 b AR
EALE A EREE AR LI e e R AR
MDIRE, B TS IR SR, R, AR
FIHD G R B A& B R EX Rk, R T HEK
SRS AR AL EE 2R A S0 ke X B 4 45 B UG R A T
WA, 35 UE A 4 1Ot RSO B A7 6Ot BB
AEBAT S5 1K
4.1 EWHE

(1) BEFEBGE WAL E R E T, 2000
A SCHER[ 10 ] 320 i 3h S S H0E 7T DK OG5 8 2%
FERIRE R EE 2004 47, SCHR[ 11 ] 56 T 5 vk Ty
AR AP IEA BN S BT T RO
BRI BIN N8 E WS % b, 2% -
(1) F B B 21 S 5 ML k7 P B EH S A
I ARBCR S48 W S5 I ERERR,

OB AR KRB 11 o, FIHE®RE
B G R B — M WS % T

IRRUE = B S TRV ERLE ke e L IR ]
AT RS BN, AR IBOR R A4 E TR JEE 1O T SR AR
KR, TR D XT3 74 X0 55 AR R AL
BRI AR T AR (L 5 . AR T 2 UK
{71, —UCARE AT LU AT BB B AR AR 22

RIE Yk RIE S
RIE L
HIFLL AL HHLn

| |
Dk’ Giki's 7 R

11 ER&EELIRERE

Fig. 11 Flow diagram of refocusing algorithm
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