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Urban road traffic information detection method
based on vehicle camera and GPS information fusion

YAN Weizheng, WANG Daobin, YAN Yunbing

(College of Automobile and Traffic Engineering, Wuhan University of Science and Technology, Wuhan 430065, China)

[ Abstract] During the process of using on—board camera to collect urban road traffic information, there usually exists many
difficulties, such as complex urban road environment, blocking of vehicles from driving perspective, and unable to obtain its own
position information independently. In order to solve the above problems, an estimation method of longitudinal distance and
longitudinal speed of urban road vehicles based on on—board camera and GPS information fusion is proposed, which could realize the
identification of roadside parked vehicles and the detection of urban road speed, traffic flow density and traffic flow. The results of real
vehicle experiments show that this method can achieve accurate, reliable, economical and effective mobile urban road traffic
information detection, and can provide data support for the related research of intelligent vehicles and intelligent transportation systems.
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Tab. 1 Camera calibration result
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Tab. 2 Longitudinal distance detection results
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Tab. 3 Detection results
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Fig. 9 Road inspection results
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Tab. 4 Comparison of detection results
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