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An algorithm for unmanned retail
product recognition based on object detection

WANG Junxiang

(School of Information and Intelligent Transportation, Fujian Chuanzheng Communications College, Fuzhou 350007, China)

[ Abstract] With the rapid development of deep learning technology in recent years, the level of deep convolution neural network
in image classification and other tasks has been higher than that of human beings, which brings new possibilities for unmanned retail.
Through the production of target detection data set, the expansion of target detection data based on flipping, and based on the open
source target detection framework MMDetection, this paper constructs an unmanned retail commodity location and recognition model
based on deep neural network, and realizes an unmanned retail commodity recognition system based on deep learning target detection
algorithm. Therefore, according to the commonly used performance indicators of target detection, the commonly used measurement
methods of target detection are used to verify the trained model of the system. The results show that the commodity recognition speed
is fast and the overall performance is good.
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Fig. 2 8 scenarios composed of 3 flipping combinations
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