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Manufacturing service recommendation method
based on improved collaborative filtering algorithm
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[ Abstract] In order to solve the recommendation problem in manufacturing service system, considering the uncertainty of service
attribute and the instability of user preference, combining the time decay function and collaborative filtering algorithm, a
manufacturing service recommendation method based on improved collaborative filtering algorithm is proposed. Firstly, the
comprehensive similarity between services is established by the preference and rating relationship between service users and
manufacturing services. Secondly, considering the influence of time factor on user preference, the time decay function is used to
assign the weights to the service scores in different time periods, modify the service preference and predict the missing QoS scores.
Finally , personalized manufacturing business recommendations are generated. Experimental results show that the improved method is
superior to the traditional collaborative filtering algorithm.
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Fig. 1 Collaborative filtering algorithm framework
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