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Entity and relationship joint extraction method for traditional medical text
integrating data augmentation and attention mechanism
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[ Abstract] There is a lack of high—quality annotation data in the field of traditional medicine, and the number of corpora that can
be used for joint entity and relationship extraction tasks is small. The BILSTM—-CRF method has advantages in sequence labeling,
but it does not pay enough attention to the correlation between context information and current information, which affects the
performance of the model. In response to the above problems, a joint extraction method of traditional medicine entities and
relationships ( DA - BiLSTM - Attention — CRF ) that integrates data enhancement and attention mechanisms is proposed. In this
method, the EDA data enhancement method is used to enhance the unlabeled training set in multiple times, then the enhanced
pseudo—-labeled data is added to the training set, and a self—training strategy is used for multiple experiments. Finally, the test set
data is predicted by the model to get the annotation sequence and extract the triples. The experimental evaluation is carried out on the
Chinese medicine corpus, and the F'1 value of the joint extraction of entities and relationships is 82.43%.
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Fig. 1 BiLSTM-Attention—CRF structure diagram
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Fig. 3 Structure diagram of attention mechanism
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