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Hierarchy of queries on relational big data
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Abstract; Data query is an important means of obtaining information. The characteristics of big data have brought new challenges to
the classic data query theory and methods from different dimensions. How to obtain information to the maximum extent is an urgent
problem to be solved in big data applications. Among the characteristics of big data, such as large scale, strong timeliness, diverse
types, and weak accuracy, large scale is the most prominent feature, and the query and answering of big data around this feature is
a current research hotspot. Aiming at the characteristics of huge data scales, this paper describes the evolution process from database
to big data with relational data as the object, divides big data into eight categories according to the characteristics of big data, and
gives a formal definition of big data. Taking the relational large database as an example, the hierarchy of the query is discussed, and
the query is classified into first—order query, existence query, and fixed point query. For different queries, the preprocessing
methods are discussed and experiments are carried out.
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Fig. 1 The evolution of the transformation from database to big data
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