2023 &£ 12 A
Dec. 2023

E13% F12H 2 B8 it E M5 M A

Vol.13  No.12 Intelligent Computer and Applications

FE4%ES . TP391.1 XEkFRER: A

E TSt XBERANZHMESREZTEINTINMAE

EEE, ¥ B, HEE, H 5, B
(1 EBEIRZE EBERSHENIRZER, £ 200093; 2 BFXZ BFS5REETREZR, LiF 200092)

XEHS: 2095-2163(2023) 12-0068-07

@ OE: xR A A A R B (PLM) ok BT ANIE] [ BORIAS 5] G008 823 SRS , AR SCHR HH — i 56 - S (A 4l B Bl i 56
IR D2 90 5 P SRR AR ZE 5 B RIS 5 BB o DR T U R AR IS il D 091, ORGSO bl B 8 183
LR, 220 941 SR DR A LR 9 27 SRR T PSSO DR ) A i AL DU G [R] 40 D0y o e 2, AT SRR U425 40, 440 1
AP B SRR 8 5 s SO A8 S [ A B B, 455 SRS BR800 TUAY AN, AR Rl 5 09 R RUR S S 2
SR A —E R L TR AR B v T U R 2 R AR B

KB SRHEG S SCHAIN ; BER RIS A et A A

Knowledge fusion based on improved association rule mining and
distance clustering algorithm
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Abstract; Aiming at the design documents from different generation stages and different fields in product lifecycle management
(PLM) , this paper proposed a knowledge acquisition and fusion algorithm based on improved association rule mining and distance
clustering. Took the domain knowledge acquisition and fusion of automobile industry as an example. 8 183 groups of data and
220 941 entities were extracted from relevant documents. The 27 features of each group of data were crossed in pairs and the original
feature rules were combined as candidate sets to association rules mining and constructed a preliminary domain knowledge base. The
distance between entities in the knowledge base was defined, combined with the clustering algorithm to reduce redundant knowledge,
and the knowledge base was constructed according to the merged knowledge. The experimental results show that the algorithm
reduces the scale of the knowledge model to a certain extent and improves the value density of knowledge in the domain knowledge
base.
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Fig. 1 Improved Transformer model
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Fig. 4 Entity extraction and classification results
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