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Research and application of cross age face recognition technology
based on depth learning

CHEN Kun, HUANG Xingneng, TAN Hao, MENG Shichu

(Science and Technology Informatization Section, Baise Public Security Bureau, Baise Guangxi 533099, China)

[ Abstract] Human facial features change imperceptibly with age. The modeling of aging process is extremely complex and
difficult, which makes cross age face recognition very difficult. In order to deal with the face recognition problem caused by age
change, this paper analyzes and summarizes the development status of cross age face recognition technology at home and abroad,
and proposes a cross age face recognition algorithm based on depth learning. The algorithm is based on OSME+MAMC ( One Queue
Multi Exception+Multi Attention Multi Class), an image fine—grained classification algorithm framework of convolutional neural
network. It uses convolutional attention modules to obtain identity features and age features from different attention regions of the
face, and uses the method of degree learning to extract differences between classes and common features within classes, so as to
improve the accuracy of cross age face recognition. The experimental results show that the recognition accuracy of the algorithm is
about 95% on the open Face Gap dataset.
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Fig. 1 Schematic diagram of cross—age face dataset
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