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[ Abstract] More and more user generated content on the network provides a new window and channel for the publicity of
mainstream values. Aiming at the new and complex task of text quality evaluation oriented to mainstream values, this paper defines
text quality according to mainstream values, and constructs a text quality evaluation data set oriented to mainstream values. In order
to alleviate the pressure of manually labeling data and solve the problem of difficult data acquisition in the domain, this paper
proposes a text quality evaluation method based on unsupervised data enhancement framework. Experiments show that the
performance of the model can be significantly improved when the amount of data is small. In order to obtain more data, we
independently built a large—scale Chinese microblog retrieval database to expand the data set through retrieval. The F1 value of the
final model reached 86.2% , which is 1.22% higher than BERT.

[ Key words] text quality evaluation; mainstream values; semi—supervised learning

R ZR R 5HE S 57,

0 51 F BRI, FIT P2 A R P 25 BRSO 5% A% i 44

Wt 5 30K D 1 KR TR 4% T P 4 v 3 R R
TR ORI i S GE i M 25 ie s | 1
B TR A SZ 0t S5 X 21 13 30 9 L K A R AT
B DL S A AT P A7 50, 4% LB T ok
M P AR B N BB R T SRR T2 S
5 ZICH B M 28 AL REORT R I, X AU R T 3C
A7 i A 7 AR R TRBE RN BE , o F A0 fE LA
FEARBE TR IR AE

VAN (R [ S SCA B s g 4 T AR,
FERRI) BEANBRAT TR B R X EUES
LRt atEE, NI, M5 TR (LR [ 4%

HE&UH . BRELH AT (2020YFB1406902) ,

G, 0 ERME A LR R T Bk, dnfr R AL
SR AR ) b R L, T R A
2% BB R L, IO [l S A S AR 15 3[R 5G4 A9
I L,

T [6) 237 P (EDUL ) SCAR B PP AT 55 75 20 SC
A MIERERE | 2 AN (EDUL A A B EAT 5E S, %
Forg SO —AST o ZE IR0, BIRE 1 1] 32 30 A (DU Y
SCARJFRRIGr N 1~ 5 ARG, X —BFFESCA Y
T IATAEZE N, BUR 1 1 O A — € UK IEBE
AP, . BT K M BR © H A I 5 LAY B
It , 2 R E A2 T HUBRE B 8 510, X — 1 7 3Rk

TEF BN T (1998-) , % W50, ERITFIT 1A . HARTE A B SORBUR AN f 0K(1975-) %, i B2, F 2 0P5E 1)

ARG AP IR,
BiEE: & K
s BHEA . 2022-06-03

Emial ; hitxb@ hit.edu.cn

Y LR RN o7 4% 4] N5 5 A




198 B o /5 M5 MM

ERRES

A IO U HETB B ARG 2 X —4h e
F O

U NDE DRRa SN A oS =2 TlNK AMINast 7/ I (ERIERZ
WE—EMIHE S THE, UEREEMBE AL RR
Ol FEFOEWR S B A2 AR AL I
IS BRI INAT A4 25 32 SO EUL I 7Y
7RIS T ERANME 19

1 tHxXIE

T 7] = 7 (LWL SCA Bt B VP e — > 2B Y
155, IR S — A AR A R AT 55
BR Tk = GE—BORHELR Z A1, Ane] SRR AR 1Y 35
PRI AR el bR T B8 | LA R i er A A A e £t
S ARBURIFAT 55— KM, B, X —4E 55 &
25 SO I W 2% 2T 58 07 1 7
AN
1.1 XAGRARIRK

SCAE 58 B R TO A A G 5 R R A SR
Ttk
LT JeA AT ik

HI TN Rl 5 | APRSEAE B, TR Ty
B AT LAXS b 13 B8 A7 3G 5, AT LUBE X TC s T
BAEE AT R, F RN RS BEALME
ARG S X7, TEX AR s AT 3 5 /e
P G € A BN N S W NE Y = 2a
A AR —E R

X TR/ R B R 4 T 2 SR [ 1] 4 AT
] St DA SCAS e 6 45 1 9 SR AT [ SR R A 5 5
FR[ 2 ] 3 T3] ] d Ao A 25 [ b o SRR SR IR A T
Beffe; SCHk[ 3 ] MR 4E TF-IDF 20, X JEA% O inl b 47
it

XF T BE ML & 1A D5 ¥ SCHR [ 3 ] R4S Uni-
gram T AT HEAT RAE , AT BEALAR A — 1)
SCHRL 1T BR T AT ) SC3a) s 4 o | [al g >R b ik Bl
B AR BEALAZ e 1) s i) 1~ FEAILIM BR 7]
LA TAERENLTE AN . SCHER[ 4 ] $2 10 T —Fh
FHT AR U 26 78 39 58 J5 % (Mixup ) o fif %8
Mixup ) B AR, SCHR [ 5] $2 5 T wordMixup F11
sentMixup , ¥ ir] [ 5 Fl 0] [] 5 AT TR & 5 SCHR[ 6 ] F
FHAE SUHG 58 77 0 AR AU 1 18 SCAR AT 52 3L

WA, [l 2 —Fh N FH AR Tz B JE A PR
SR, T IE R T LA BREOR, SCER[ 3 ]
KT R AT R e o, e Ah, RN 2R T7
TSR P 11 8 T 2 T R Y R B Y

fHZ R F CV G GAN Az U 47t 3E 17 450 408 1
571 NLP AP 8 73] i) 1 VR I gh 3t i 47 6 i
Yk,
1.1.2 FPFHsRJTI5

AAFIG iRy T ER T T I SR AR E
PR A MG, BEE BERT S5 P02k =
BOHIAE NLP USRS B RS, R VF 201584 X
PONZRE 5 A OO R T A 8 221

SCHR[ 8 1 A A5 1142 43 F S i 50 20 A7 4 5
SCHR[ 9] 2T LSTM #4730 )i 7 B A S 25 Kb
AT TSRO0 46 5 R SR A T R A A A 2 ol i) 1Y
SRR BARA B, fEMIEREZ b SCER( 10 ] 2
T BERT ZEATH , H5 B AR 0 Bl AR 2516 1R
RPREERRA . SCHER[ 11 ] 3T GPT-2 Mitr R RS
JEUG SCAR BFE | AR R A T 300, eIk ] —
AN X A R AT T I DR
1.2 FEEZFIFRIK

e B 2 2] O B AR A A R bR d s AR
ThR R AT ) . AROCHIESE £ 28 ) T gt
XEARPRERIE TR E R S, 5B e G g
B, T BRI, B AN Al 7R 451 2% R B0 AR I g ok
B T ECHE R O 14 T JU) 33T, A5 5 R A% 78 73 1) FH R
AIARPR RS A B s AL, &g iz fuvefE, F i
B2 2] 07 v A B /MK R — SOME T I P AR
2

SCHR[ 12 18 TI-Model F1 A1) £ A% ( Temporal
Ensembling) ., I1-Model X} JCH5 {3 £ 4i8 i A 247 P4
U TR ) BE RS 4 5, I3l AN [F] dropout i Hh 75
BFNZER SISO R 245 2% sk K, g E] AR K
SR N e 5 A | s B[] — > 91 5 20 04T P
] 5, T £ I 2R B, SCER[ 13 ] $2 1 Y
Mean Teacher fAITA A R FHFE I 2520 98 | 17 2445
T2 Lo FLR A0 B — A BUAS R RS 1 2 X0 i )
BE T R AT R | X A B S BT A 2 00 45 2 i
24, SCHR [ 14 1 52 1Y k2 D06 BT I 25 ( Virtual
Adversarial Training, VAT) 1/55% % F — 2P E N, >R
IO TN ZRiy 77 A e 5, A6l 742 G i A e B
F ] BRSBTS R bR S, TR — 1
RESARAS , AR XA HEADAR A TS X e sh Iy el
Google TESCHR [ 3] Hh 4ty 1T JC i B ks 19 58 07 %
( Unsupervised Data Augmentation, UDA) , 4>k FH—
FHEIE N, R E5E TR/ MEIE] X TE RS
PN TR T One—Hot 4311, 14,
W EFA TR . BN CARS 5 1G5 5 0 50



FE5MH

BT, A A B R EL A SO B N T 199

bras e ml by — S e, IR ER T
BN ZRM5 53R K (TSA) J5 305 1k % bs v B i
SUE/EEan

MixMatch[ 15] [A#£3€ H Google, 5 UDA 2518,
[FIRESS & T E/ MU — SR, XPhR i B it
AT — R IG5, X T ARAR AR K Uk 55 1 5 4 A
RT3 3] average J7 FIMER , JF44 Jo bR T BUHE 15 2 1Y
N THRZE 50 BHRE A 7 — i If#47T MixUp[ 16 ]
AR SRS 203 9 5 A0 Johs 1 2 DL Rbs i 400
ReMixMatch[ 17 ] /& MixMatch JFAE# % B & TAER)
et — 5 AT T AT 5, 5 — 7, 5 AR
SRR S5 R S N PR 28 5 DR 5 S A T AR
e[ Ae H— M TE ], FixMatch [ 181454 T UDA
F1 ReMixMatch , %535 T sharpen #24EF1 UDA Il 2k
{5 5 1R K ReMixMatch [ 53 #ii X 55 e % 51 2% 4
HHFIH Pseudo—Label ##: A THR%

P EHERZ5IA T —8EIEN], o8 T
Tfar i AW — A A AR T A I 2l A AT fr]
AR B G e, TR ) 2
FSCARBESR 856 P 2= Ik Re 78 /0 42 4
A T EHE v AR 0 A, A 41 R MR,
TEDFEARY S N EE BT LLIE SR A 1 B =
SIRAIVERE T AE S FEAR G 50T PR REAT SR AR 2L 4
Tt
2 ETREEBHIEEEERNXARET

mAE
2.1 1RBIGEH

B R ARE SR IR T UDA, A5 H an1&l 1 fF
Z

El 1 UDA #EIZH
Fig. 1 UDA model structure
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Tab. 1 Examples of people’s daily online dataset
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Tab. 2 Examples of OLID datasets
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1 And this from the clown that should be in prison? OFF
2 Go home you’ re drunk!!! OFF
3 You are correct. NOT
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Tab. 5 Data set labeling standards
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Tab. 6 Initial dataset statistics
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Tab. 7 Dataset statistics after error correction
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Tab. 8 Final dataset statistics
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Tab. 9 Some of the retrieved data and their matching scores
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Tab. 10 Main results

TRETR Accuracy — Precision  Recall Fl
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BERT_UDA 0.8818 09037 0.8375 0.8620
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Tab. 11 Influence of unsupervised loss function weight A
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Tab. 12 Results of F1 value
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Tab. 13 Effectiveness analysis experiment of retrieval-based dataset expansion method
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