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LSTM-CBAM-based audio and video synchronization face video generation
HONG Xuemin, ZHANG Haixiang

(School of Information Science and Technology, Zhejiang Sci—Tech University, Hangzhou 310018, China)

[ Abstract] Speech—driven face video generation is a high naturalness face video with labial synchronization through visual and
auditory dual mode input. The main challenge of face video generation task is how to generate voice synchronous and coherent face
video while ensuring face authenticity. Traditional methods only consider it as multiple single —frame video generation without
considering the sequence relation between video frames, which leads to the inconsistency of the generated video and the problem of
pixel jitter. We propose an audio and video synchronization generation model based on LSTM - CBAM to generate labial
synchronization face video. LSTM module is used to process audio data, and better feature coding can be performed on audio data.
CBAM module is used to infer attention mapping in the network. It can realize the feature refinement of audio information and face
—mouth-shape information, so as to generate audio and mouth-shape synchronization video. Quantitative experiments on LRS2 data
set show that the face video generated in this paper is natural and continuous, and the index is better.
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Fig. 1 Generative adversarial network
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Fig. 2 Face video generation method overall structure diagram
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Fig. 3 Structure diagram of synchronous discriminator model
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Tab. 1 Ablation experiment results

Rk LSE-D | LSE-C 1 FID |

w/0 LSTM&CBAM ~ 6.723 6.802 4.387
w/0 LSTM 6.537 7.081 4.456
w/0 CBAM 6.552 7.111 4.449
Ours 6.207 7.455 4.806
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Tab. 2 Comparative experiment results

Bl gE RS ISE-D|  LSE-CT FID |
LRS2  Speech2vid  14.23 1.587 12.32
LipGAN 10.33 3.199 4.861

Wav2Lip 6.386 7.789 4.887

Ours 6.207 7.455 4.806
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