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Sheep breeding named entity identification based on BERT-CBG-BiLSTM-CRF
WANG Kai, LI Rengang, WANG Tianyi

(College of Big Data and Information Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] Sheep breeding knowledge is mostly recorded and stored in the form of texts, which has the characteristics of large
amount of knowledge and serious degree of fragmentation. In order to improve the problem of poor recognition of named entities
when constructing sheep breeding knowledge graphs, the named entity recognition model of sheep breeding text in this paper is an
optimization model that combines two —way gated circular units with convolutional neural networks. The model performs text
vectorization processing through BERT preprocessing, and the processing results are trained in the CBG layer to obtain the contextual
semantics and word semantics of the initial extraction, and then connect the two—way long—term short—term memory network; the
conditional output sequence with the airport finally obtains the maximum probability. In this paper, six types of entities were
identified experimentally for characteristics, origin, construction, economic value, varieties, and production area environment, and
the highest F'1 value was 95.86%.
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Fig. 1 BERT-CBG-BiLSTM-CRF model structure
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Fig. 2 Schematic diagram of the BERT structure
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Tab. 6 Entity Recognition Results
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