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[ Abstract] Aiming at the welding defects of strain gauge on weighing sensor, a welding defect classification model is constructed
based on resnet50 to classify types of normal, less welding, short circuit and weld line defects. To solve the problem of unbalanced
distribution of defect samples, the welding defect sample dataset is constructed through defect analysis and data enhancement
processing. The experimental results show that the welding defect classification model built in this paper can effectively identify and

classify the weld joint defects and weld line defects. The classification accuracy rate on the test set is 97.4% , the Precision is 97.2%,

the recall rate is 96.2%, and the F, score is 96.7%.
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Fig. 1 Weld spot area image of defects
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Fig. 2 Weld wire defect images

2 IREEERPE D HKAEEY

T AT R AR e B I B 2R R AR SO T
ResNet PIZAETY | i HY — ol AR 42 e Bl 23 Y i
PRAT SRR LR B R 70 2 U IR AL, 5 2 24
& 3 A, T PRI IE ) 2 45 7 Rk
Baor2R T4 MR EE 7328 T M 2%, BARSSH AN

Kl 3 P,

B3 IRERMASRXERENE

Fig. 3 Welding defect classification model diagram
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Tab. 1 Quantity distribution of defect types
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Tab. 2 Comparison of model performance
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Fig. 4 Grad cam visualization
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