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License plate location and character recognition based on deep learning
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[ Abstract] Intelligent transportation needs to improve the ability of license plate location and character recognition through deep
learning. It can effectively monitor urban traffic through big data support and bring more sense of security to citizens” lives. In the
process of long —term economic development, artificial intelligence plays a positive role in improving the efficiency of social
operation, and provides important ways for the development of smart cities through artificial intelligence. This paper studies license
plate location and character recognition through deep learning. Firstly, the license plate location is studied by color segmentation,
wavelet transform, genetic algorithm and gray-—scale image texture feature analysis. Then, the processing methods of license plate
characters are described in three parts: image character correction preprocessing, image character segmentation and extraction, and
character normalization preprocessing. Algorithms in the field of deep learning can effectively improve the development efficiency of
the transportation field and improve the safety of citizens” travel. Through the license plate location and character recognition, the
vehicle information in the field of traffic could be effectively read, which can better provide the support for improving the efficiency
of urban traffic operation.
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Fig. 1 TM-BP neural network algorithm model
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