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[ Abstract] In order to explore the impact of multiple factors on driver’s path choice under the Internet of Vehicles environment,
taking road network drivers as the research object, based on the questionnaire data, SPSS software is used to screen the key factors
and analyze the impact characteristics of multiple influencing factors, and binary Logit model is used to build the driver’s path choice
model under the Internet of Vehicles environment. The results show that driving age, driving style and the basis of route choice have
the greatest influence on the driver’s route choice behavior among the driver’s personal attributes; In the travel characteristics, drivers
are more sensitive to travel frequency and travel distance; the timing, content, method and accuracy of traffic information release
greatly affect the probability of drivers changing their travel routes. The research results are helpful for traffic management
departments to formulate guidance strategies, which could improve traffic efficiency and relieve urban traffic pressure.
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Fig. 1 Drivers route selection process in the Internet of Vehicles environment
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Fig. 2 Drivers route selection influence factors
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Tab. 1 Statistical table of SP questionnaire

25 LRSI I T AE /%
PRI TH N O 1 67.38
REERPEEE  OF 0 32.62
HEAFE P51 OF:! 1 60.61
@ % 0 39.39
i, % D 18~30 1 14.62
@ 30~40 2 25.49
3 40~50 3 30.48
@ 50~ 60 4 18.89
® 60 J L) I 5 10.52
2/ A ®o~3 1 16.40
@ 3-~5 2 32.44
@ 5~10 3 32.09
@ 10 KL I 4 19.07
=357 OFILaS 1 9.63
@ g 2 46.88
@ AR K %L 3 38.68
@ Wt 4 4.81
Bl OF 25 1 1.78
@ Al sl =l 54 HR B 2 43.49
@ Mhzgm 3 4.81
® A HIE 4 4.99
® A% 5 9.27
@ BIRA B 6 12.30
HAlh 7 23.35
AW A/ 7T @D 0~3 000 1 16.22
@ 3 000~5 000 2 25.85
® 5 000~ 10 000 3 39.57
@ 10 000~ 15 000 4 14.44
® 15 000 } L) | 5 3.92
=1 O Prsp 1 28.70
@ 5w 2 51.69
@ Bk 3 19.61
AT WATHP O LIEEHE 1 51.16
@ AR 2 20.68
@ KM ER 3 8.91
@ Jiteli 4 4.81
® Hfth 5 14.44
AT OF: % 1 13.73
@ HEAEZ 2K 2 11.59
@ HEEL IR 3 28.52
@ JLFRR 4 46.17
AT Do-~5 1 23.71
@ 5~10 2 31.73
® 10~15 3 29.23
@ 15 KL I 4 15.33
Bk EklE O KEEREAST 1 28.16
@ AR 2 45.63
OF IV ) ¥ 3 15.15
@ HAth 4 11.05
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® —fit 3 14.08
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® JEw A& 5 29.95
TH A O EHAFZE 1 11.23
Ak @ K= 2 14.08
@ T8 3 14.08
@ = 4 38.50
® EHFE 5 22.10
KT o O EHAFZE 1 10.70
AR @ K= 2 16.40
©OF Vi3 3 19.79
@ = 4 38.86
® dEHFE 5 14.26
KA O EFAFE 1 8.02
AR @ K= 2 5.88
@ JLArig 3 17.47
@ [l 4 39.57
® EHFE 5 29.06
A3 AR O EHAFZE 1 10.16
ALk @ AHE 2 10.16
@ TS 3 15.51
@ [l 4 41.89
® FEw = 5 22.28
fREEAmEYL O JEH AR 1 9.98
AR @ A& 2 7.13
©OF W3 3 16.40
@ [l 4 45.99
® e = 5 20.50
FREMNE O IEFAFRR 1 8.73
AR @ ANFE 2 8.73
@ TR 3 16.93
@ [l 4 45.45
® FEw = 5 20.14
FREM X O IEFAFER 1 8.73
FAEEYE S @ A= 2 7.31
@ TR 3 15.15
@ [l 4 45.28
® FEw = 5 23.53
7 R OF ¥ ¥ NEl-s 1 10.87
FALEEY: @ ARIF= 2 7.31
@ JTLFTB 3 17.65
@ Wi 4 40.11
® EwHE 5 24.06
%2 Logit BIA#ITER
Tab. 2 Logit regression estimation results
A7 i Y10 FrifEiR 2z /RS I Exp(B)
/AR 0.255 0.118 4.666 0.031 1.290
25 0 XA 78.281 0.000
3 7 1.812 0.246 54.471 0.000 6.123
b eumitl 2.907 0.397 53.607 0.000 18.302
AT % 0.502 0.102 24.005 0.000 1.652
AT B 0.415 0.114 13.278 0.000 1.514
AR 6.316 0.097
L 0.521 0.265 3.870 0.049 1.683
FNTN A e -0.012 0.346 0.001 0.973 0.988
HoAth 0.662 0.386 2.942 0.086 1.939
AR AL 0.390 0.092 17.865 0.000 1.477
B AR AL 0.244 0.095 6.589 0.010 1.276
i B R A N 0.232 0.095 5.969 0.015 1.261
{5 B kA Jr= 0.328 0.097 11.403 0.001 1.388
s8] 0.189 0.090 4.424 0.035 1.208
i -8.896 1.051 71.713 0.000 0.000
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Tab. 3 Comparison between measured results and model prediction
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