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Research on multi-interaction behavior
decision—-making of autonomous driving based on DBN
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[ Abstract] Aiming at the fact that the unmanned driving behavior decision-making method using static Bayesian network cannot
be applied to the real complex and changeable urban interaction scene, a method based on enhanced altruism is proposed to optimize
the game process of the interactive decision—making of traffic participants , and use the maximum information coefficient to update
the structure of the DBN. Through using Prescan and Matlab/Simulink, the multi—interaction behavior decision—making model is
simulated in the loop. The experimental results show that the DBN unmanned vehicle behavior decision method proposed in this
paper has better adaptability, accuracy and robustness of the scene.
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Tab. 1 Various interactive decision models

model Area of Conflict

Baseline 1

min (A/B,B/A)

Pure Altruism

2 (AB/(A + B)?)

Altruism

In(A + B) (A/B + B/A) - (A/B*In(A) +

Aug—Altruism
B/AIn(B)) - 1

F2 EMTERARKERM AOC

Tab. 2 AOC of various interactive decision models

model Area of Conflict
Baseline 1
Pure Altruism 1
Altruism 0.5
Aug-Altruism 0.39
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Fig. 3 AOC test for different interaction models
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Fig. 6 Joint tree algorithm inference flow chart
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