2023454 A
Apr. 2023

®13% £4H 2 B8 it E M5 M A

Vol.13 No.4 Intelligent Computer and Applications

FESES: TP391.1

ETREFINIRE A K LEKRE

& mi, MER, FRE,E W, I &
(EMREXE HIERZE5ERIESM, HH 550025)

XEHS: 2095-2163(2023)04-0047-06 MR ERS: A

= AT EUA AR DCECHES S R BRI PASR U 5 U B DT BC R, 7 (e R B0 AR e HL 5 32 32 WL 16 e
TR A AN — P IR 2 2 3 30 A B DR AR BATPIF, 156, 32 FH TextCNN $ R [ AR ik 50408 114 J) 36
FHIE, Rl 32 ] BILSTM 41 MU [y A HR AL 188 SCARKICHE (9B SCRRE , FRKE BILSTM FRUZ 7 2E B RHIEAF - Attention )2 Y
ARG R HLHI BILSTM JZ R U A SR F A 9 7 X (A BEAS T 9 22 17 FIRE 3 %) B 37 RE ) ot oR B B2 JEE A9 B2
SRIG B 2 BB B IRE AR AE BEAT LG . SRS I A R AT BN, SEERAS R R, 5 A 5 AN g IT ORI [E, A
SCHR AR AT LS A S5 DG AR SR R g SO

KRR ARIPLHEC; R IHLH; RIS

End to end person-job matching model based on deep learning
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[ Abstract] Aiming at the problems of low recruitment efficiency, high cost and being easily misled by subjective judgment, the
existing person position matching recommendation algorithm mainly uses manual evaluation of the matching degree between job
seekers and positions, and proposes an end—to—end person—job matching model BATPJF based on deep learning. First of all, the
paper uses TextCNN to extract the local features of the resume and job description data. At the same time, BiLSTM is used to extract
the contextual features of resume and job description text data, and then the features generated by the BiLSTM hidden layer are used
as the input of the Attention layer. The attention mechanism is used to weigh the features extracted by the BiLSTM layer to reflect
the impact of different experiences and abilities on the importance of job competency requirements. Secondly, the features extracted
from the two models are fused. Finally, the prediction is conducted through the complete connection layer. The experimental results
show that the model proposed in this paper can match job requirements and resume text information more effectively than the other
five person—job matching models.
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Fig. 1 Structure diagram of BATPJF
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Tab. 1 Basic statistics of data set
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Tab. 3 Results of different models in the dataset
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