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[ Abstract] At present, the large amount of travel information data cannot meet the specific needs of users, and many uncertain
factors lead to deviations in user ratings, resulting in inaccurate and poor real-time recommendation results. In view of this, this
paper proposes to build a waterfall fusion tourism recommendation system based on Spark framework. Firstly, the paper uses crawler
technology to crawl and organize the scenic spots information of major tourism websites, builds a Spark framework to read the data
and performs data cleaning and preprocessing, and converts the geographic location of scenic spots into longitude and latitude
coordinates through API for subsequent visualization; Secondly, two layers are designed. The first layer uses the SimHash
algorithm, which can achieve rapid dimensionality reduction processing of massive data, effectively saving time; the second layer
uses the cosine similarity algorithm and uses TF—IDF to calculate word frequency, and then filters and updates tourist attractions
recommendations database, thereafter forms a recommendation database that could be fed back to the user; Finally, the user selects
the attractions of interest from the Top — NV attractions recommended by the system, and the system will visualize them on a map, and
mark the number of attractions in each province and city and the average ticket price. It provides users with the perfect experience of
intelligent travel recommendation. The system starts from user needs, analyzes the text semantics of user needs, and calculates the
similarity with the tourism database to obtain recommendation results, furtherly achieves the unity of real-time and accuracy. It is a
supplement and improvement to the tourism recommendation system and has certain practicality value.

[ Key words] waterfall fusion; tourism recommendation; local sensitive Hash; Cosine similarity calculation; feature vector
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