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[ Abstract] Internet gaming disorder has developed into a new type of mental illness all over the world. With the continuous
development of brain functional imaging technology, functional near—infrared spectroscopy (fNIRS) has been widely used in various
fields. In this paper, 22 subjects are selected according to the internet gaming disorder scale, and fNIRS is used to collect the data of
prefrontal cerebral oxygen saturation during the stop signal task. Three traditional machine learning methods and long short-term
memory (LSTM) neural network are used to classify fNIRS signals to distinguish internet gaming disorder from healthy people, and
the highest accuracy is 85.7 %. This paper makes a useful attempt to use fNIRS in internet gaming disorder recognition.
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Fig. 1 Light source and sensor arrangement diagram
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Fig. 2 The experimental paradigm of stop signal task
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Fig. 4 Optimal classification hyperplane schematic
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Fig. 5 Internal mechanism of LSTM neural network
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Tab. 1 Comparison of classification accuracy of different machine

learning %
B R W S
SVM 66.7 59.9 59.8 67.4
LDA 54.5 59.1 54.5 63.6
KNN 68.9 67.4 68.9 71.2
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