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Research on the influence features of
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[ Abstract] Social media data contains a lot of low—quality information in emergency information management, which makes it
difficult to directly provide instant help for the on-site rescue activities of emergency management agencies or volunteers. In order to
improve the preciseness of social media data and promote the inclusion of social media data into the formal emergency decision—
making process, it is necessary to explore the features that can provide help to quickly mine high — quality emergency rescue
information from the social media data in emergencies. Taking the “Weibo” platform as an example, this research, through the
analysis of the “Weibo” platform and the summary of relevant research literature, determines eight characteristics that potentially
affect whether the microblog content can support emergency rescue operations. Based on the content, communication and user
dimensions of Weibo under the topic of “Henan rainstorm mutual assistance” , eight features are extracted. Taking the decision tree
model as the benchmark model, the contribution of each feature to the help of distinguishing emergency rescue information is
evaluated by CART algorithm. The results show that information content address information characteristics, information content
language characteristics, and information subject characteristics are the key features of emergency rescue information classification in
social media.
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Tab. 1 Potential impact characteristics of social media emergency rescue information classification
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Tab. 3 Statistical difference analysis of characteristic data
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Fig. 1 Contribution of different characteristics
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Fig. 2 Partial correlation between key features and emergency

rescue information classification
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