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Image matting based on the trimap expanded in different scenarios
ZHANG Yuan'?, HUANG Lei'
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2 Guizhou Key Laboratory of Pattern Recognition and Intelligent System, Guizhou Minzu University, Guiyang 550025, China)

[ Abstract] Image matting is one of the key tasks in computer vision. The expansion algorithm of the trimap can improve the
quality of matting and save costs. This trimap expansion method is widely used. However, the matting method based on the
expansion of the trimap cannot simultaneously handle foreground opaque and foreground translucent image scenes. Therefore, on the
basis of using semantic features to expand the background, pixel—level image features and category features are introduced to
perceive input images with different transparency levels. The foreground of the trimap is expanded separately for different scenes,
and the expanded trimap is used for image matting. In addition, a comparative analysis of the effect of the current trimap expansion
method is conducted on the Composition— 1k dataset. The results show that the quality of matting of low —quality trimap under
different scenes is improved in terms of comprehensive evaluation indicators.
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Fig. 1 Workflow of image matting based on the trimap expanded in different scenarios
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Tab. 1 The quality of the coarse trimap on existing expansion
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Tab. 2 Comparison of matting performance of GCA [*] before

and after applying different trimap expansion methods
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Fig. 3 Comparison of matting between a coarse trimap and an expanded trimap
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