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Multi-source data fusion and cleaning technology in
military academies under public cloud platform

LI Hongyang, SHI Lingfei, ZHANG Lilong

(Naval University of Engineering, Wuhan 430033, China)

[ Abstract] Based on the fusion cleaning of multi—source management data in military academies, the dynamic scheduling ability
of multi—source management data in military academies is improved, and the fusion cleaning technology of multi—source data in
military academies based on Unicom public cloud platform scheduling is proposed. A big data mining model integrating scientific
research management data, teaching management data, student portrait data and teacher analysis data is constructed. A visual
scheduling model of dynamic management data of smart campus is established by using digital twinning technology based on the
Internet of Things model. Redundant data filtering technology is used to filter and strengthen tracking data of multi — source
management data. According to multi—sensor information perception and fuzzy C-means clustering processing, multi—source data
fusion and cleaning of military academies under the public cloud platform are realized. A digital information processing platform of
military academies is constructed with multi—modal college management resource data as the core. The test results show that this
method for multi—source management data fusion cleaning of military academies improves the dynamic storage and scheduling ability
of data, has strong anti—interference in data scheduling process, and has high precision in data collection and retrieval.
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Fig. 1 Platform bottom structure model
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Fig. 2 Platform implementation structure flow
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Tab. 1 Task allocation parameters of multi—source data management

platform

& WAFE IR SI/MB K RAT 45 BABIHK B/ Kbps
FE 1 408.667 784.207
TH2 851.481 462.762
53 545.359 452.850
54 485.959 272.411
FES 703.434 166.493
T 6 97.342 63.900
57 788.709 85.422
-5 8 940.875 787.406
59 965.489 880.421
P10 786.069 148.859
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Fig. 3 Original collected data
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Fig. 4 Redundant cleaning output
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Tab. 2 Comparison of precision test

RS KN @RS SCHRL 3] SCHRLS ]
10 0.976 0.778 0.676
20 0.940 0.795 0.544
30 0.968 0.709 0.572
40 0.957 0.768 0.603
50 0.977 0.694 0.648
60 0.948 0.678 0.674
70 0.970 0.780 0.556
80 0.916 0.768 0.524
90 0.954 0.604 0.589
100 0.962 0.735 0.508
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