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Design of multi-engine intelligent
question—answering ( QA) system for multi-type knowledge bases

LI Chunbao

(The 10" Research Institute of China Electronics Technology Group Corporation, Chengdu 610041, China)

[ Abstract] In order to solve the problems of the existing QA system, such as unclear understanding of question, single QA engine
and difficult tracing of answers, this paper designs a multi—engine intelligent QA system for multi-type knowledge bases. According
to the characteristics of the data, it is organized and stored as frequently asked question library, document library, knowledge graph
library and databases, and the corresponding intelligent QA engine is designed respectively. By combining the results of complex
question understanding, intention classification and the engine selection strategy, the final answer and its source are obtained. In
addition, the system also supports automatic optimization based on the user’s evaluation and feedback, and constantly improves the
performance of QA in use. Experimental verification is carried out on the constructed COVID-19 dataset, and in the results, it is
demonstrated that the system can accurately understand complex questions and give answers quickly, improving the efficiency of user
information acquisition.
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Fig. 1 Flowchart of the multi —engine intelligent QA system for

multi—type knowledge bases
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Fig. 2 Flowchart of the complex question understanding
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Fig. 3 Structure of the multi—engine intelligent QA model
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Fig. 4 Flowchart of user feedback and model training
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