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Color image segmentation based on color and texture feature clustering
ZHAO Lei, LIU Benyong

(College of Big Data and Information Engineering, Guizhou University, Guiyang 550025, China)

Abstract: Aiming at the shortcomings of traditional color image segmentation algorithms in segmentation effect when an image
contains areas with blurred contour and rich texture, an algorithm based on color and texture feature clustering is proposed. Firstly,
the graph—based image segmentation algorithm is used to segment an image several times to get multiple groups of superpixel blocks.
Secondly, the color feature and texture features of each superpixel block are extracted and fused into a feature vector, and the k—
means clustering method is used to cluster the feature vectors of each group of super-—pixel blocks to obtain multiple groups of
segmentation results. Finally, the method of linear combination is used to fuse multiple groups of segmentation results to get the final
segmented image. Compared with the classical clustering algorithms SFFCM and AFCF on the public data set BSD500, the
experimental results show that this proposed algorithm outperforms the classical ones.
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Fig. 1 Overall process diagram of the proposed algorithm
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Fig. 2 Segmentation results of different color image segmentation algorithms
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Table 1 Evaluation indexes of different color image segmentation

algorithms
Bk PRI VI GCE BDE
AL ISR S E 0.80 1.96 0.25 12.72
B RHIE 0.77 2.01 0.29 12.64
SFFCM 0.79 2.06 0.26 12.78
AFCF 0.76 2.39 0.30 13.35
AR 0.82 1.93 0.24 12.27
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