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Visualization analysis of Faster R—-CNN model research based on CNKI database
DING Shining

(Xinyang Agriculture and Forestry University, School of Information Engineering, Xinyang 464000, Henan, China)

Abstract: In order to understand the research status and hotspots of the Faster R—~CNN model in China, based on 248 core journal
articles retrieved from the CNKI database, Excel and VOSviewer software were used to analyze and visualize the annual publication
volume, authors, and keywords. The results show that research on the Faster R—CNN model in China first appeared in 2017, and the
annual publication volume increased year by year from 2017 to 2021. The annual publication volume reached a peak of 73 articles in
2021, and dropped back to 43 articles in 2022. More than 95% of authors have published only one article, and only 9 authors have
published no less than 3 articles. And the cooperation between the authors is loose. The application fields of the Faster R—CNN
model mainly focus on traffic sign detection, vehicle detection, weed identification, and remote sensing images. The improvement
methods of the model include Soft NMS, attention mechanism, K-means clustering, etc.
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Table 1 Authors with a frequency no less than 3
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