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Research on emotion analysis for film reviews based on naive Bayes
DENG Ciyun, YU Guoging
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[ Abstract] Based on Python technology, this paper proposes a film review emotion analysis system using naive Bayesian
algorithm. Firstly, the data set is obtained by using the Scrapy crawler framework. Then the data cleaning is completed by using
Pandas and regular expression technology. After Jieba word segmentation for the film review text, a sentiment classification model
based on Naive Bayes is constructed by using polynomial Bayesian classifier. After training and testing with the film review data
collected on Douban website, the experimental results show that the model has a good classification effect.
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Fig. 1 Training process and classification process
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Fig. 2 Sample set of film comments tagged with sentiment tags
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Fig. 3 Test result
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Fig. 4 Affective value interval statistics
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