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Handwriting identification based on HOG feature values
YANG Dong, WANG Yisong

(College of Computer Science and Technology, Guizhou University, Guiyang 550025, China)

[ Abstract] Machine learning,a branch of artificial intelligence ,has generated a great economic and scientific value in engineering
practice. Machine learning solves problems in artificial intelligence by creating sample—based mathematical models that are trained to
predict or make decisions. Support Vector Machine ( SVM) is a class of generalized linear classifier that performs binary
classification of data in a supervised learning manner, where the decision boundary is a maximum margin hyperplane solved for the

learned samples. In this paper,we extract the HOG features in handwriting and then use the feature values for training using SVM,

thus obtaining a model for handwriting identification. The experimental results verify its good effect.
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Fig. 1 SVM hyperplane
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Fig. 2 Handwriting image preprocessing
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Fig. 3 HOG feature vector of handwriting image
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Tab. 1 HOG handwriting feature model validation statistics table

FRiR SEIMAAY F iR R S T2 5 T R
[1] original writing 0.604 115 25 HEIR
[1] original writing 0.397 693 24 FiR
[1] original writing 0.400 313 22 R
(0] forge writing 0.693 873 66 1EH
[0] forge writing 0.808 294 28 EHf
[0] forge writing 0.927 800 52 EH
[0] forge wriling 0.848 881 62 E
[0] forge writing 0.873 913 93 R
[0] forge writing 0.885 834 99 A
[0] forge wriling 0.798 513 69 EW
[0] forge writing 0.891 944 56 1E A
[0] forge writing 0.832 572 69 E
[0] forge writing 0.900 081 41 IEH
[0] forge writing 0.725 670 61 1E A
[0] forge writing 0.846 654 11 EH
[0] forge writing 0.916 083 94 EH
(0] forge wriling 0.736 325 48 EH
[0] forge writing 0.730 263 74 E A
[1] original writing 0.494 431 95 FER
[1] original writing 0.469 890 96 AR
[1] original writing 0.461 088 81 HER
[1] original writing 0.510 670 97 iR
[1] original writing 0.470 710 05 AR
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