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Point-of-Interest recommendation model with Extreme Learning Machine
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Abstract: With the development of mobile social platforms, Location—Based Social Network services have come into people’s
attention. Point—of-Interest recommendation based on users’ check—in data in LBSN has been a hot topic in recent years. This paper
proposes a POI recommendation algorithm based on Extreme Learning Machine, which extracts the user’s personal preference,
friend preference, type preference and popularity preference features. Using the classification method provided by ELM, the above
feature vector set is used to train the ELM classifier, and the POIs are recommended to the user according to the classification

results. In this paper, Foursquare and Twitter datasets are used to prove that the accuracy and efficiency of the proposed method are

improved.
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Fig. 1 Network structure of Extreme Learning Machine
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Fig. 2 POI recommendation model
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Fig. 3 Location social network relationships
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