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Intelligent mining algorithm for multi-dimensional and
multi-layer association data in hybrid attribute networks

DUAN Xueying

( Department of Information Engineering, Jilin Police College, Changchun 130117, China)

Abstract; For traditional association data mining algorithms, strong itemset mining generates a large number of candidate itemsets,
leading to long mining time, low mining accuracy, and other problems. A hybrid attribute network multi—dimensional multi—layer
association data intelligent mining algorithm is proposed. The distance from the random data in the mixed attribute network to the
cluster center is calculated, and the target data is assigned to the cluster closest to the cluster center, so that the cluster center is fixed
and the clustering analysis of the mixed attribute network data is completed. The effective basic frequent vectors are extracted from
the data completed by clustering, and the candidate itemsets of the data are also calculated, the hash table is scanned, and the strong
itemset mining is completed by using the improved Apriori algorithm. Based on this, the spatial relationship is constructed, the
distance between the approximate region and the approximate point is obtained, the data set to be mined is formed and the affiliation
value of the data is calculated to complete the intelligent mining. The experimental results show that the proposed algorithm has better
data clustering effect, the number of remaining candidate itemsets after strong itemset mining is smaller, the overall data mining time
is much lower than the traditional method, and the mining accuracy is up to 90%.
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Table 1 Cluster test results
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Fig. 1 Comparison of remaining quantity tests for candidate set
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Table 2 Multi—dimensional frequent basic vector extraction time
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Fig. 2 Comparison of overall data mining time
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