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Images segmentation of Miao clothing based on dependable fuzzy local
information C-means clustering algorithm
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[ Abstract] The traditional fuzzy C—means (FCM) algorithm is easy to be affected by noise, and it is difficult to segment the
Miao clothing images with folds, stains and color differences effectively. In this paper, the dependable fuzzy local information
C-means clustering algorithm is proposed, which adds a fuzzy factor to the objective function of FCM to measure local similarity,
fully combines spatial information and gray information, and improves the robustness to noise. In addition, a fuzzy uncertainty
clustering model is introduced to analyze the dependability of pixels to further reduce the influence of noise points and edge points.
The experimental results show that the proposed algorithm has good segmentation effect on the noisy Miao clothing images. For the
Miao clothing images with large differences in folds, stains and colors, the proposed algorithm has the highest partitioning
coefficient and the lowest partitioning entropy, and the segmentation quality is better than the comparison algorithm.
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Fig. 1 Segmentation results on Miao clothing images containing 5% mixed noise from different algorithms
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Fig. 2 Segmentation of Miao clothing images containing 10 % mixed noise of different algorithms
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