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Research on sub-topic clustering of emergencies based on text fusion features
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( School of Mathematics, Physics and Statistics, Shanghai University of Engineering Science, Shanghai 201600, China)

[ Abstract] Emergencies are characterized by suddenness, publicity and wide dissemination. It is of great significance for public
opinion management and control departments to study finer—grained sub—topic clustering in the emergency. In view of the fact that
previous topic clustering methods ignores more fine—grained sub—topic clustering under the same event, to more effectively express
the semantic information of microblog text, a text feature representation method based on the fusion of LDA document topic
distribution, Doc2Vec sentence vector and text similarity calculation method is proposed. The Single—Pass incremental clustering
algorithm is applied to achieve sub-topic clustering under the same emergency. The experimental results of sub—topic clustering
based on F1 value and single text feature are compared. The results show that the sub—topic clustering effect of this method is better
with 72.4% F1 value, which shows that the proposed method can effectively express the text features to improve the accuracy of sub
—topic clustering.
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