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Sentiment analysis of Douban movie reviews based on star rating weight
and bidirectional LSTM neural network

WU Junjie, CHEN Jiajun

(College of Computer Science and Technology, Taiyuan Normal University, Yuci Shanxi 030619, China)

Abstract: When applying neural network models to predict movie review data, discrepancies can occur between the predicted
results and the actual intentions of the audience. This paper proposes a model based on star—level weighting and bidirectional long
short—term memory networks, which comprehensively considers star ratings and contextual information, and can effectively model
long—distance dependency relationships. The experimental results show that this model significantly improves the match between
predicted results and audience intentions, thereby enhancing the accuracy of sentiment analysis predictions.
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Fig. 1 Structure of LSTM
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Fig. 2 The neural network architecture based on star rating
weights and bidirectional LSTM
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Table 1 Star level weight matrix

A =2 =13 iy —&
1E A +0.3 +0.17 +0.06 -0.17 -0.3
| -0.3 -0.17 -0.06 +0.17 +0.3

3 SLI§

3.1 HEmALE

ARSI TCHL T W20 M s PF B AR S B e 4 S
FIFHIE 23k R PP A T A 3 LB AN 510 T
R 0 52 V1, 1 25 BR A 3], Bods 4R kA 4
14 98045 HLFZ PF IR B8, I 2k e 11 017 4%, il 4R
396345, MIESEPRRZITFINES, B AR BHE T B Wb
[y o 2 v L R O - 7. s s AT e
ERPHA R 1, il 0,
32 LWiEE

SEEF B ELE A RS Windows 10, Intel i5-
7300HQ,8G 417, GPU:NVIDIA GeForce, RTX 1050
ti 8G I A7 VR 2% 2 HE B8 PyTorch; % F2 1F &
Python ; SEES I 2R S H0H - 1) 1] &2 2 FE 50 AL AL 3
ROt 64 Bl 19 s 128 IRk AR 10 242
4 0.01,
33 LWHERESH

ARISCRAESHEE (P) A EIFE(R) Fl F1 = score
YERVEM G bR, 5T B AR MR il 12
1 25 ) 28 A5 R AE T [ AR AR R 67 ) AR AR %)~ 240
JEIREN T 90.21% VX4 130y 90.38% , R B I% A
RYREAE A R X 52 V7 10 155 %0t 1 2R 4 o A TR0
Tl 53 52 VYT SRR ) 000 512 95 45 2R WL 2,

®2 BORTEREETNLEER

Table 2 Results of movie review sentiment prediction
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