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Cloud source scheduling strategy based on improved Grey Wolf
Optimization Algorithm
SU Hongbin

( School of Computer Science and Technology, Zhejiang Sci—Tech University, Hangzhou 330018, China)

Abstract; Aiming at the problems of single consideration of task scheduling in cloud computing and low scheduling efficiency and
unreasonable allocation of tasks in large—scale task environment, this paper proposes a cloud computing task scheduling strategy
based on improved Grey Wolf Optimization Algorithm. Firstly, an evaluation model based on multi—objectives is established to deal
with multi-objectives in a single fitness, which includes the total time consumption, power consumption and system load. Secondly,
a search method combining particle swarm optimization algorithm and Grey Wolf Optimization Algorithm is proposed to enhance the
global optimal search at the Grey Wolf level. Thirdly, the adaptive weight is introduced to enhance the local search ability of the
Grey Wolf Optimization Algorithm. At the same time, a stochastic opposition—based learning strategy is introduced to avoid falling
into local optimum. Finally, the improved algorithm proposed in this paper is compared with Particle Swarm Optimization algorithm
(PSO), standard Grey Wolf Optimization Algorithm ( GWO) and Grey Wolf Optimization Algorithm based on MakeSpan fitness
(MGWO) on CloudSim platform. The simulation results show that the proposed method is suitable for large—scale task scheduling,
and the total time consumption of task completion, power consumption and load balancing degree of the system are significantly
improved compared with PSO, GWO and MGWO.
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