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[ Abstract] In the online health community, health information involves a lot of medical terms which easily lead to patients”
information anxiety. Exploring the influence, including consultation users ~ health information literacy level and the emotional
characteristics of reply texts from medical staff, on suggestions adoption can help improve the efficiency of medical staff s
information interaction on the online health community platform and relieve patients” health anxiety. Based on the Information
Adoption Model (IAM) , this paper extracts text features including user health information literacy, question—and—answer text
sentiment, etc. and selects the Logistic Regression Model to explore different factors, including question—and—-answer texts, the
professional authority of medical staff, health information literacy of users and query response text emotional characteristics, impact
on information adoption. The research results show that users” health information literacy does not affect the response behavior of
medical staff, and the emotional characteristics of reply texts have a significant negative moderating effect on the adoption of health
information. Online health communities should promote medical staff to actively participate in online consultations and create
humanistic care atmosphere in online health communities, consider the user’s health information literacy, and accurately push health
information for specific users.
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Fig. 1 Online health community information adoption model
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Tab. 1 Description of the corresponding variables of the indicators
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Tab. 2 Question correlation coefficient matrix
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Tab. 3 Question collinearity statistics

[ B, XoF PR 4PN B A1 A SCAR R AE A2 (R B R
FEIEATARSCAE RFELEANE 3 B, O PERE R DL 4, [1]

2 VIF B ILERNMEGETT AR 5, ) TR AR A R R R VIF
DK 0.877 1.140 BIRTF 10, FH LT LIS
RILVEANBE 0.295 3.386 3.3.2 AT
ES e s 0.971 1030 PR AR ER N o K78 & G RN 5 AR
RikFw B 0.246 4.062 g, R FH Logistic —JG I AR XS — /32 A8 B
LB 0.902 1108 (Bl y =180y =0) SEATEIASHT I 5 b 1 22
GEE-S 0.297 3.370 JTHALIIMT T . B TR o 2 A
FIBDREE 0.543 1.841 HEA AR ZAI R AR A I (1) .
R4 EEXAHERXRE
Tab. 4 Correlation coefficients of response text features
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Tab. 6 Analysis results of influencing factors of health information adoption
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