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Research on game sales forecasting model based on GBDT algorithm
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[ Abstract] With the rapid rise of online games, accurate prediction of game sales has high commercial value, which can clarify
the investment direction of all parties, improve revenue and form win—win cooperation. Therefore, this paper takes the feature data
that affect game sales as the sample and establishes a game sales prediction model based on the Gradient Boosting Decision Tree
(GBDT) algorithm. The prediction results of GBDT model are compared with Decision Tree, Linear Regression and ExtraTree. The
final results show that compared with other prediction models, the established game sales prediction model has higher goodness of
fit, better prediction effect, faster calculation speed in the prediction stage, and better generalization and expression ability in dense
distribution data sets.
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Fig. 1 Process of establishing game sales prediction model based on
GBDT
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Fig. 2 Thermal diagram of correlation analysis of game feature

parameters
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Tab. 1 The meanings and values of each parameter of the game

sales prediction model
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Tab. 2 Goodness of fit of each model
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Fig. 3 Comparison of prediction results of the test set of optimized

game sales model
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Fig. 4 Importance ranking of feature parameters of game sales prediction model
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