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Automatic keyword generation system in textile field
based on prior knowledge
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Abstract: In order to solve the problems of too small number of keywords, generalization of words, remote selection of words,
and multiple words with one meaning, based on collecting and organizing a large number of theses and professional terms in the field
of textile, and following the principles of "avoiding generalization of words" and " author’s habit" , a new algorithm for extracting
keywords from theses based on a priori knowledge is proposed. Based on the principle of " avoiding generalized words" and
"author’s habit" , a new algorithm based on a priori knowledge is proposed to extract keywords from papers. Firstly, the frequency
of the candidate keywords in the summary library and keyword set is counted, and its priori probability is calculated; then, the idea
of "impact factor percentile" is used to calculate the word frequency percentile of each candidate keyword, and the ranking index of
the candidate keywords is obtained, which is used for the ranking recommendation of the keyword extraction system. After testing,
the average accuracy ( F1 value) of the algorithm is 1.7 times higher than that of unsupervised keyword extraction algorithm
TextRank, and higher than that of the same type of semi—supervised mainstream algorithms in the field of computers, which proves
the effectiveness of priori knowledge in keyword ranking recommendation.
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Fig. 1 Framework diagram of automatic keyword extraction process for papers based on prior probability and word frequency percentiles

2.1.2 PSR AR

NYINZERBE il B A 28 A e 9 G i), #E L o
JEfRE] 103 877 A~ i, R)E, TR SEH &
FRIRITETS TR A 41k 22 DL S A 3 S an] v H B
BIUR, 25 B A A R0 1) R AR R AR Y 1) A9 A 1
FIVER IR, e 29 B 54T 29 146 > KR 1Y 2
US4
2.1.3  FEEIE SCHEELE

AR SCHE B ML py B R RD < AL PR A A
B, 7EWCEE B 18 SR b K s R R 28R T
TSR RTShR A AB i 52 1E D 22 2k 5Kl ROk A A1
T BRI AT A9, A B SCRIBEZLFE TA,
BERR ARG,

22 RiEXBRESET
2.2.1 eI

T 58 R W £ 2 ), QBT HE 17 5 Ry K et
[P/, AR A 20 ) SC B IR 4R A, B i) 3R v A R CA
WS MEEL e TPt AT 38 55, Ge it Hh G Bl i) A A 2 v
HH B VR B B S B i) R AR N 3 g ] v ]
LA UREL, 38 2 X JULANE AR AT A, A5
KA W, BSEIHER P,an=(1) Fis .

Ail + AiZ
P, =
PAL A,

VE: A, +A4, =08, P, =0,
X A, REER W, ZEI SRR RS 1 SO P PR
LRI E AR T S B R R B LA, R 6
Sin] W, TEIZRAE AR 18 SO i Rt B B A

(1)

TR BRI B Z A, R SR W, TEVIZRER
T 1B SOREE ) IR R AR T S DB IR) (1 IR B2
F, 7F Jupyter Notebook ZAFFH A IEE T, 2K H Python
3.7 GREET, A, A, A, THEER O CHBATT
if word in part.keywords or word in ad:
if word not in dic.keys() :
dicword = Dword( )
dicword.name = word
wordlis.append ( dicword )
dic[ word] = dicword
AL
dicword = dic[ word ]
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if word in ad and word in part.keywords
dicword.key_count += 1
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if word in part.keywords and word not in ad;
dicword.ta_count += 1
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if word in ad and word not in part.keywords
dicword.tk_count += 1
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for part in weightword ;
temp =part.split('\t")
weight_dic[ temp[ 0]] = round ( float ( temp
[11),5)
A BT HE PP O AR 2 XU
def inside_extract(ts,n) :
temp = ||
temp_score = 0

for k,v in weight_dic.items( ) :

if kin ts:
temp[ k] = v
temp =Sort_value( temp)
print( temp )
k=1]
v=1[]

for k1,vl in temp.items( ) :
k.append (k1)
v.append(vl)
kn = k[ :n]
vn = v[ :n]
words=1[ (i,j) fori ,jin zip(kn,vn) ]
worldcloud = (
WordCloud ()
.add ("", words, word _size _range =
[12, 55])
. set _global _ opts ( title _ opts = opts.
TitleOpts ( title =" ]I =" ) )
)
worldcloud.render(’ * * * html")

worldcloud.render_notebook ()
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Fig. 4 Average accuracy rate of keywords extracted by each

algorithm ( F1 value)
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Fig. 5 Keyword extraction system interface display
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