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Fatigue driving detection algorithm based on computer vision

WANG Yanbo, ZHANG Jianshu, SUN Xinyuan

(School of Computer Engineering, Nanjing Institute of Technology, Nanjing 211167, China)

[ Abstract] In this paper, a fatigue detection algorithm is designed based on computer version technology. A surveillance camera

deployed in the vehicle is used to realize the real-time monitoring of the driver’s status. By analyzing the driver’s eyes, mouth and

head movements, the driver's fatigue status is comprehensively judged, and real-time fatigue driving detection and early warning are

realized. This algorithm helps to avoid internal and external unsafe factors during driving and ensures driver’ s safety during driving.
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Fig. 4 Example of YawDD dataset
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Fig. 5 Variation curve of EAR and MAR under fatigue state of

volunteers in YawDD dataset
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